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Reinforcement learning in 2 degree of freedom robots using binary-tree actor-critic algorithms
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Abstract:

Learning control in real world applications requires dealing with both continuous state and

several dozens or more of actions. For handling several dozens of actions, not only the techniques of action

value approximation but also exploration strategies are essential. A binary tree action selector using an

actor-critic algorithm is promising for such problems.

This paper investigates properties of the binary tree

action selector using the actor-critic through learning tasks in real robots that have 2 degree of freedom.
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