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Abstract:

By policy gradient theory, policy improvement RL methods making use of action value should adopt eli-

gibilities of policy parameters for a basis function to approximate action values. The action values are represented by a

linear parameterization of the eligibilities of the policy parameters, and then, the parameters of the value approximator

are also corrsponding to a natural-gradient with respect to the policy parameters. This paper introduces eligibility

traces of policy parameters to the natural-gradient policy improvement method, and demonstrate the performance in

some non-Markov environments.
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