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A Reinforcement Learning of the 5-Links Ring Robot with two actuators
*Takeshi ARAMAKI, Hajime KIMURA, Toru OMATA, Shigenobu KOBAYASHI,
Tokyo Institute of Technology.

Abstract — Recently, a control method of a movement of the robot that consists of circular five-links is
expected. The robot changes the form by using servomotors attaching two joints, and goes ahead. But it is
difficult for designers to build a controller, because the model has closed links and asymmetry and nonlinear.
We apply reinforcement learning to the problem. It is a self-adaptive learning and obtains control rules

through interaction with the environment. We choose Actor-Critic as its algorithm. Before a control of the
real robot, we simulated it. And it can successfully learn to go ahead.
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